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1. Game-family learning enables generalization across the parameter space, supporting more effective Link to Paper:

mechanism optimization.
2. Learned interim models extrapolate more accurately and approximate equilibria more reliably than ex ante. :

3. Learned interim models support the generation of beneficial piecewise best-response strategies.

Motivation & Methodology

Empirical Mechanism Design
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Bayesian setting, exploiting the type-conditional form of strategies. 6 2 4 6 8 10 12 14
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Empirical Mechanism Design (EMD) with Learned Game Families
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Type-Conditional Piecewise Best-Response Strategies
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